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@ P DAY

0 Pi Day is celebrated on March 14th (3/14) around the
world. Pi (Greek letter “m”) is the symbol used in
mathematics to represent a constant — the ratio of the
circumference of a circle to its diameter — which is
approximately 3.14159.

0 Pi has been calculated to over one trillion digits beyond its
decimal point. As an irrational and transcendental number;
it will continue infinitely without repetition or pattern.
While only a handful of digits are needed for typical
calculations, Pi’s infinite nature makes it a fun challenge to
memorize, and to computationally calculate more and
more digits.




Wiki Definition

0 Customer analytics Is a process by which data
from customer behavior is used to help make key
business decisions via market
segmentation and predictive analytics. This information
IS used by businesses for direct marketing, site
selection, and customer relationship management.

Marketing provides services in order to satisfy
customers. With that in mind, the productive system is
considered from its beginning at the production level, to
the end of the cycle at the consumer. Customer analytics
plays a very important role in the prediction of customer
behavior today



https://en.wikipedia.org/wiki/Customer_behavior
https://en.wikipedia.org/wiki/Decision_support_system
https://en.wikipedia.org/wiki/Market_segment
https://en.wikipedia.org/wiki/Market_segment
https://en.wikipedia.org/wiki/Predictive_analytics
https://en.wikipedia.org/wiki/Direct_marketing
https://en.wikipedia.org/wiki/Site_selection
https://en.wikipedia.org/wiki/Site_selection
https://en.wikipedia.org/wiki/Customer_relationship_management
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Customer Analytics Models

What happened? wWhat COULD happen? what SHOULD happen?
asset reliability * Predict infrastructure faillures » [ncrease asset utilization
What tha] . labor and inventory costs * Forecast facilities space demands » Optimize resource schedules
to DO
|
* The of asset * How to anticipate failures for * How to increase asset production
What the failures specific asset fypes  Where to optimally route service
user needs  ° Why are high * When to consolidate underutilized technicians
to KNOW  * Thevalue of the facilities » Which strategic facilities plan provides
* How to determine costs to improve the highest long-term utilization
service levels
1 o ——
. - What *» Predictive modeling - What will » Optimization - What is the best
e happened? happen next? possible outcome?
angleyt:i:s * -Where exactlyis  « Forecasting-Whatifthesetrends ., p. 40 variable optimization -
ANSWERS the problem? continue? What is the best outcome given the
. - How many, how * Simulation - What could happen? variability in specified areas?
often, where? » Alerts - What actions are needed?
1 o ——
What = Alerts, reports, dashboards, * Predictive models, forecasts, * Business rules, organization
makes this stafistical analysis, scoring models, comparisons, optimization
analysis
POSSIBLE
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“Our philosophy is
delivering happmess
to customers and

' employees. Peo le
may not remem
exactly what you d1d /
or what you said,
but theiglways
remember how you . \
made them feel”. [




Focus: What is the problem?

Copyright 2003 by Randy Glasbergen.
www.glasbergen.com

desire

[ satisfaction

Where we find
the customers
who will use
your product?

What does it
take to retain
the customers “You say this job takes you to Hell and back everyday

and satisfy I hear that Hell is inhabited by millions of lost souls.
their needs? How many have you signed up as new customers?!”

What does it take to
retain the customers
and satisfy their needs?

|




How you can do it?

0 As unsexy and low-tech as it may sound, the telephone
is one of the best branding devices out there. (Tony
Hsieh, CEO of Zappo’s)

¢ By Sir Richard Branson:

0 1. Be visible

0 2. Express passionate commitment to serving the
customer.

0 3. Your company’s employees are its greatest assets
0 4. Hire people who have the “Virgin” attitude

¢ 5. Empower your employees to solve problems and to
make every experience great.

0 6. Engage in social media with a genuine voice.

0 7. Have fun.




Why do we like things Free?

" FREE
gof\wlzzteg‘ ROBERT #;‘—

$10

Gary and Robert Intero amazoncom
Recognized as the Top 1%
BRE# 00859303 & 01272788
518 N. Santa Cruz Ave

Los Gatos, CA 95030

rm

http://www.sunnyvalerealestate.com

https://www.cardcash.com
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Customer Analytics Models

What happened? wWhat COULD happen? what SHOULD happen?
asset reliability * Predict infrastructure faillures » [ncrease asset utilization
What tha] . labor and inventory costs * Forecast facilities space demands » Optimize resource schedules
to DO
|
* The of asset * How to anticipate failures for * How to increase asset production
What the failures specific asset fypes  Where to optimally route service
user needs  ° Why are high * When to consolidate underutilized technicians
to KNOW  * Thevalue of the facilities » Which strategic facilities plan provides
* How to determine costs to improve the highest long-term utilization
service levels
1 o ——
. - What *» Predictive modeling - What will » Optimization - What is the best
e happened? happen next? possible outcome?
angleyt:i:s * -Where exactlyis  « Forecasting-Whatifthesetrends ., p. 40 variable optimization -
ANSWERS the problem? continue? What is the best outcome given the
. - How many, how * Simulation - What could happen? variability in specified areas?
often, where? » Alerts - What actions are needed?
1 o ——
What = Alerts, reports, dashboards, * Predictive models, forecasts, * Business rules, organization
makes this stafistical analysis, scoring models, comparisons, optimization
analysis
POSSIBLE




CLV (calculating lifetime
value)

“There is only one valid definition of a business

purpose: to create a customer”
(Peter Drucker, The Practice of Management, 1954)

0 Revenue per purchase
0 X Frequency of purchase
0 Customer lifetime

0 Profit margin

0 CLV =the accumulated profit or loss from each
customer over the course of that customer’s
relationship with you.




Classic CPA Output: “Waterfall Chart”

Key components of profit and loss per customer

S per Customer

Services, 525 Cost to Aquire, $30
Product B,
$100 $40
Cost to Serve, $30
Product A,
$50 Overhead, $20
S50 -
Profit, $35
S0
Product A ProductB Services Cost to Cost to Overhead Profit

Aquire Serve




Managing Customer Lifetime Value

Customer Knowledge

Attributes

Demographics

Psychographics

Profitability /
History

Affinities

Relationships

Efc.

ow to profit from Customer Analytics in the era of Bi

Customer Interactions

Business
Customer Our Offerings + Impact
ey IEEE D i
Situational Revenue
neads Loyalty Offars S Now
S Future
Situational
Aspirations 4 Intangibles
Lol Word of Mouth
Price Sensitivity Senvice Advocacy
Referral
Negative Word of
Service Sensitivity Mouth
Customer
SIEIE Lersial Experience
Preferences (to new info,
offers, etc.)
Costs
Etc.
Messaging
|
g Data | Copyright Fitzgerald Analytics 2014, all rights reserved .
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“And this is where our ROI became an IOU.”
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Customer Journey Analytics

Awareness

we just

KEEP CALM

:

ol WANT IT NOW!| A HOUSE




Customer Journey

0 Compare Odyssey by Homer Journey and Ernst
Hemingway who was attributed with writing six-word
story “ For Sale: baby shoes, never worn”.




Follow me home

0 Awareness

0 Consideration

0 Preference
0 Action
0 Loyalty




How often should a consumer
brand change it's brand
identity?

0 As little as possible. Consumers are fickle and forget
easily. Your most important goal in all of branding is
awareness and recall, and that becomes hard to
sustain when your identity is in flux.
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Brand Awareness

0 List mobile phone manufacturers
0 List three makers and models of family sedans

0 Name Four rental companies




Customer Satisfaction

0 General satisfaction ( relational)
0 Attribute Satisfaction ( transactional)

0 Theacsi.org - American Customer Satisfaction Index
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Customer Analytics Tool

—
F ; Workspace My Stingray olga@stingray.com
StingrayReports
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0 Predictive
0 Descriptive
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What makes the product “the
[T"?

what’'s U ted
0 Che iénce 4" ° Tnexpecte
oR Wow' You'll
o anything
o Do for your
‘' a human customers’

0 : bench. Mvrs. Jones
Price was tired and

0 Producty fo brmrds;dvv«lrtgrlmultl e products)
O SI
0 Website

0 In-store expe
¢ Online purchage proce S
¢ Product usa .o

Copyright © MMXIV Shep Hyken




Measure attitude lift
National a denterprise

" “Someone calling themselves
a customer says they want
something called service.”


http://www.measuringu.com/

Multiple Regression Analytics

0 Independent and dependent variables

0 Magic quadrant is not the “IT” but it helps to see
where you are based on set of variables

12

Workspace ~ MyStingray  olga@stingray.com~ 7

101

Is (MPa)
(o))

Ve (km/s)

Figure 4—The relationship between the P-wave velocity and Is of rocks




Three R’s

Resonance Reaction
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Closed Sales YTD

YTO Sales

0 Advarieed Ség’fnents ,
= ‘Z,'\C'rgafgﬁashboa rds and s hortcuts fol

- us e

o' USSRt to stay

e Dage

Your Goal?

Cles rd Sales QTD

Sales QYD

[

110,800 = s

= of Amsee

Praspecueag

Qualre

0Ex ine your search.d

Sum of Ameurs inn USD (MEens )

Sum of Ameuss i USD (Theus ands )

ndavtry !' Adccwwnt Type
B s B soturng o B menp
B renast _ o v [- Certne Dewrert N O
B Servicnr
— CoRn Ot obey

Sales by Country YTD

B Cwvsts B

)
14 [ ]
. W
: f
”w
“~
ra
[N q e
- v
d e
2
>
"
‘ o
A
>
"
£
! ]
Y
1 O
J
-
|
L J

amtiy
o

]

Xey Opportunities (Pipeline)

oM 6
Ecoe & GC SO00
Lioyes 8 GC S050

ATE Fimantia uosell
S S

»EO0K » < 20 Sy

Top S Saoles Rep

on.top of performa*nceehanges"'

of Armocr




Post-Sale Behavior

SATISFYING

THEIR LOYALTY.

EXCEPTIONAL

RTHY OF THEIR REPEAT BUSINESS AND REFERRAL.

woOo

THIS CUSTOMER REVOLUTION.

()




Comecast transition
experience

0 Story

7

Door to door sales and good sales representative provide good incentive to switch
0 Gotcha’s : hidden costs

Setup the installation time. Technician arrived and installed cable by routing it across the outside
wall and roof: Result: unsightly cable in view and danger of cable being damaged. Plus installation
did not work.

Outcome: 3 calls to customer support and unavailability to resolve the issue for a week ( lack of
resources)

Reservations with switch: customer support were mitigated by assurance and number of
publications about Comcast actions to resolve the support team issues.

Notes: call was transferred 4 times, on-hold for over one hour and switching between while trying to
resolve the issue. Call directly to Sales Rep to resolve the issue since Support was unable to resolve it.

Observation: Bill time - 5 calls about the bill which was due and requests to pay immediately.

Moral of the story: Customer or Revenue
Customer notes: Looking for an alternative provider

Comcast investment: Sales representative investment, marketing, accounting. What is missing :
Customer satisfaction. With post-sales experience -> customer retention, bad publicity and free
marketing

0 Compare with Zappos




Cause and Effect diagram
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Emotions

0 Recommendations for house repairs:

¢ 5 contractors, willing to recommend only one

won EMOTIONS deue B
CUSTOMER EXPERIENCE




View on Apache Spark and
new trends in Data Analysis

0 2015 was without a doubt the year of Apache Spark, an
open source framework leveraging in-memory processing,
which was starting to get a lot of buzz when we published
the previous version of our landscape. Since then, Spark
has been embraced by a variety of players, from IBM to
Cloudera, giving it considerable credibility. Sparkis
meaningful because it effectively addresses some of the key
issues that were slowing down the adoption of Hadoop: it
is much faster (benchmarks have shown Sparkis 10 to 100
times faster than Hadoop’s MapReduce), easier to program,
and lends itself well to machine learning. (by Matt Turck
VC at FirstMarKk)
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http://mattturck.com/
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https://stingrayreports.com
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Predictive Modeling

*1.C4.5

Data Access
\ 2. k-means
3. Support vector

Exploration machines
Predictive 4. Apriori
Analytics l '5. EM
*6. PageRank
2 +7. AdaBoost -,

Transformation -
-8. kNN ey

Modeling I *9. Naive BayeS ,LGQ@"‘,Q..E
«10. CAR UIndicators

LIKELIHOOD OF OUTCOME

Adoption Rates
Rate of Growth: Market

J BUSINESS OUTCOME
Market Share
Lfetime Value

EFFICIENCY

Campaign ROI

Program : People Ratio
Program : Total Spend
Awareness : Dem and Ratio

— COUNTING

Preset Hits
Chck-through R ates




